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ABSTRACT
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Intergenerational Mobility of Immigrants 
by Refugee Status: An Analysis of Linked 
Landing Files and Tax Records*

A large literature shows that the children of immigrants have high upward mobility. 

However, immigrants vary vastly in how they are selected: while economic immigrants 

are chosen based on skill and education, refugees migrate at times of conflict and war. In 

this paper, we study the mobility of immigrants by admission class. Using administrative 

data linking the universe of immigrant landing documents with tax records in Canada, we 

estimate intergenerational mobility outcomes by refugee status. We find that for immigrant 

parents at the 25th percentile of the income distribution, refugee children have an 

expected rank of 47 percentiles, while the corresponding estimate for non-refugee children 

is 51 percentiles. Approximately 60% of this gap can be explained by differences in parental 

attributes upon arrival, indicating that selection contributes to higher mobility. Finally, we 

show that when correcting for the underplacement of immigrant parents, the absolute 

upward mobility of refugees at p25 is largely unaffected while that of non-refugees falls 

by around 2 percentiles..
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1. Introduction

Recent work has established that relative to the native-born population, immigrants expe-

rience high intergenerational income mobility. For instance, Abramitzky et al. (2021) find

that both historically and contemporaneously, children of US immigrants near the bottom

of the income distribution outperform their native-born counterparts.1 The same has been

found in Canada (Connolly et al., 2022). One potential explanation is that immigrants who

voluntarily choose to emigrate are often positively selected in terms of observable character-

istics such as education, prior work experience, or family connections. A remaining question

is whether all immigrants experience high rates of mobility, including those who are less

positively selected.

One such group are refugees. A refugee is "forced to leave his or her country because

of persecution, war or violence" (UNHCR); this makes them fundamentally different from

economic immigrants who voluntarily leave to seek a better life—for themselves and their

families—and who come to host countries having met rigorous criteria on educational attain-

ment, language proficiency, and work experience. The number of refugees globally has been

growing2; however, research on refugees and their children is scant. This is largely due to

data limitations. Typically, immigration status is not observed in administrative datasets

and refugees are underrepresented in surveys, which are seldom linked to tax records.3

We fill this major gap in the literature by documenting the intergenerational income

mobility of immigrants by refugee status. We refer to refugees as UNHCR refugees, asy-

lum seekers who are granted refugee status, and humanitarian immigrants.4 Our setting is

Canada, one of the largest immigrant nations in the world. Immigrants make up 23% of

1Specifically, children of US immigrants born between 1984-2006 to parents in the 25th percentile of the
income distribution join the the 47th percentile as adults; in comparison, children of the US-born end up in
the 43rd percentile.

2Globally, the number of refugees has rapidly increased almost threefold from 10.5 million in 2012 to 29.4
million in 2022. The total number of forcibly displaced people (including refugees and internally displaced)
has surpassed 100 million for the first time in 2022. (UNHCR, 2013, 2023)

3In the US, immigrant status is not observed for immigrants who become naturalized citizens. Surveys
like the New Immigrant Survey are not linked to administrative income sources and have only 810 children
participants in the baseline wave.

4Humanitarian immigrants are a class of immigrants that Canada admits based on “humanitarian and
compassionate grounds”. The factors that make an immigrant eligible are similar to those required of refugees;
see here for more information.
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Canada’s population (Canada, 2022) and Canada has the second highest refugee admission

rate per capita among G7 nations. We use immigrant landing files (application information

validated by Immigration, Refugees and Citizenship Canada) linked to tax records for all im-

migrants since 1980. The landing files provide us a view of the immigrant’s pre-immigration

characteristics, including educational attainment, language proficiency, intended occupation,

among others. Crucially, this data includes family identifiers allowing us to study immigrant

intergenerational outcomes. Our sample contains the universe of the "1.5 generation" of

immigrant children to Canada (those born outside of Canada) and their parents.5,6

To start, we verify that refugees to Canada are less positively selected than non-refugee

immigrants.7 Compared to non-refugees, refugees have lower educational attainment, worse

language proficiency, and perform lower on other socioeconomic measures at the time of

arrival. Moreover, leveraging detailed socioeconomic measures in the immigrant landing file

compared to IPUMS census data on individuals from origin countries that do not emigrate

(stayers), we show that refugees more closely resemble stayers than non-refugees from the

same origin country. Against this background, we establish four main findings on immigrant

mobility.

Our first finding is that despite being less selected, refugee immigrants are highly mobile.

Children of refugees and non-refugees with parents in the 25th percentile of the Canadian

income distribution go on to have incomes at the 47th and 51st percentiles as adults (absolute

upward mobility), respectively. These figures surpass the absolute upward mobility rate (46th

percentile) for the overall Canadian population (Connolly et al., 2019). The same statistics

for children with parents in the 50th percentile are 54 for refugees and 56 for non-refugees.

Rank-rank correlations between parental and child income are 0.263 and 0.205 for refugees

and non-refugees; native-born Canadians have a rank-rank slope of 0.286, and US immigrants

have a slope of 0.21 (Abramitzky et al., 2021). Further, we show that refugee children with

5Many of the children in our sample arrive in Canada very young; twenty percent of children arrive at
the age of five or younger.

6We also observe and are able to link children and family members who arrive separately (e.g., after the
first family member arrives).

7Past studies have shown that upon arrival, refugees are less positively selected than other immigrants in
the United States (Cortes, 2004; Chin and Cortes, 2015; Capps et al., 2015; Evans and Fitzgerald, 2017), in
Canada (Kaida et al., 2022), in the United Kingdom (Ruiz and Vargas-Silva, 2018), and in Europe (Dumont
et al., 2016; Dustmann et al., 2017; Fasani et al., 2022).
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parents in the top quintile perform equally as well as their non-refugee counterparts.

Second, examining heterogeneity in intergenerational mobility, we find meaningful differ-

ences by world area of birth. Specifically, not only do European refugees have the highest

mobility rates among refugees, but their mobility rates are comparable to their non-refugee

counterparts. On the other hand, refugees from East Asia, and Africa and the Middle East

have lower mobility rates, both compared to refugees from Europe and to non-refugees from

the same areas.

Third, we investigate what accounts for the absolute upward mobility gap between

refugees and non-refugees. The majority (60%) of the four percentile rank difference be-

tween refugees and non-refugees at the 25th percentile is explained by controlling for pre-

immigration factors. The key drivers are language skills, world area of birth, and most

importantly, intended occupation. At the 50th percentile of parental income, controlling for

these factors almost completely eliminates the mobility gap between the two groups.

Finally, we investigate whether our high mobility estimates are due to parental incomes

being suppressed, a common concern in the immigration literature (“underplacement” in

Abramitzky et al. (2021) and “downgrading” in Dustmann et al. (2013)). We predict im-

migrants’ income potential using a two-step process. First, we estimate Mincer regressions

of income on gender, education, occupation, and metropolitan area for native-born Cana-

dians using the Census. Next, using immigrants’ observable characteristics measured at

landing from their immigrant files (i.e., gender, education, intended occupation, and land-

ing metropolitan area), we fit predicted income had they been native-born. Perhaps sur-

prisingly, correcting for underplacement increases relative mobility—measured by rank-rank

correlation—for immigrants. However, this is largely driven by the downward mobility of im-

migrants from the top to the middle of the income distribution. For immigrant parents who

arrive at the 25th percentile of the distribution, correcting for underplacement has little im-

pact on the mobility of refugees but has a larger effect on the mobility of non-refugees—who

are more positively selected based on language, education, and work experience. This is most

evident in non-refugees from Africa and the Middle East where adjusting for underplacement

reduces their absolute upward mobility rates (at p25) by five percentile ranks.

Taken together, our findings suggest that despite the difficult conditions under which
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refugees immigrate to Canada, refugee children have similar economic opportunities as non-

refugee ones, conditional on parental income. For non-refugee children, despite the under-

placement experienced by their parents, they still have greater upward mobility than natives.

At a time when Canada is set to expand the number of immigrants they will accept (IRCC,

2022), our work emphasizes that Canada is a place of opportunity for newcomers.

Our work relates to a broad literature on intergenerational mobility (Chetty et al., 2014;

Alesina et al., 2021; Jácome et al., 2022) and more specifically, the mobility of immigrants

(Aydemir et al., 2009; Abramitzky et al., 2021; Borjas, 1993; Card, 2005; Connolly et al.,

2019, 2022, 2023; Ward, 2020; Foged et al., 2023). These papers do not and cannot distin-

guish between different immigrant classes. To the best of our knowledge, we are the first to

document intergenerational income mobility by immigrant class of admission. Our detailed

pre-immigration variables also allow us to investigate the factors that explain the immigrant

mobility gap by refugee status. Furthermore, by investigating heterogeneity in intergenera-

tional mobility by world area of birth, our work relates to a growing literature that examines

economic opportunity by race (Davis and Mazumder, 2018; Chetty et al., 2020).

In addition, we contribute to the study of refugee outcomes. For an overview on the

economics of refugee migration, see Chin and Cortes (2015); Dumont et al. (2016); Brell et

al. (2020). To date, most work on refugees has focused on their integration into the labor

market (Evans and Fitzgerald, 2017; Ruiz and Vargas-Silva, 2018; Kaida et al., 2020; Fasani

et al., 2022; Foged et al., 2022b,a), in addition to investigating how they affect the local labor

markets of host countries (Tumen, 2016; Borjas and Monras, 2017; Verme and Schuettler,

2021). Focusing on Canada, Sweetman and Warman (2013) study the economic integration

among different classes of immigrants, including refugees.8 We build on this literature by

studying the economic opportunities of refugee children, and in particular, how their income

depends on parental income and pre-immigration characteristics.

Finally, we join a long line of work studying how to accurately measure intergenera-

tional mobility of income potential or economic class (Solon, 1989; Deutscher and Mazumder,

8Warman et al. (2019) study the outcomes of immigrant children by immigrant class and control for
parental characteristics. Their main finding is that skilled economic immigrant children outperform refugee
children even after conditioning on parental education, language, and country of origin.
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2023),9 including for immigrants who may experience downward occupational mobility (Abramitzky

et al., 2021; Akresh, 2008; Wanner, 2003; Dustmann et al., 2013; Imai et al., 2019). We con-

tribute to this literature by measuring and correcting for immigrant underplacement using

intended occupation and other pre-immigration variables to predict their income potential.

The rest of this paper proceeds as follows. Section 2 describes the Canadian immigra-

tion system. Section 3 details our linked intergenerational administrative data and sample

construction; Section 4 describes the empirical specification. The results are presented in

Section 5 and the last section discusses and concludes.

2. Canadian Immigration Process

Canada is one of the largest immigrant nations in the world. In 2021, 23% of Canada’s

population was foreign born (Statistics Canada, 2022a)—the highest among G7 nations—

compared to 13.6% in the United States. In the past century, immigration policy in Canada

has undergone several changes. Before 1967, Canada had preferences for immigrants from

Western countries, such as the United Kingdom and the United States (Department of Justice

Canada, 2022). In 1967, Canada implemented changes that no longer considered country of

origin as a factor but instead placed value on skilled immigrants (Green and Green, 2004;

Department of Justice Canada, 2022).10

The immigrants in our sample landed between 1980 and 2006. During that time, im-

migrants coming to Canada for non-refugee or non-family reasons were assessed under the

Canadian “points system” which emphasized immigrant skills (Green and Green, 2004; De-

partment of Justice Canada, 2022). These “economic immigrants” were ranked based on

factors such as education, proficiency in English/French, and work experience, resulting in

immigrants to Canada being more likely to work in professional and skilled occupations

9A body of studies have focused on measurement bias such as life-cycle bias and attenuation bias (Acciari
et al., 2022; Bhattacharya and Mazumder, 2011; Chadwick and Solon, 2002; Francesconi and Nicoletti, 2006;
Lee and Solon, 2009; Nybom and Stuhler, 2016; Solon, 1989, 1992; Zimmerman, 1992).

10This reform is similar to the 1965 Immigration and Nationality Act in the US, which was created to
promote a more egalitarian immigration policy by abolishing the National Origins Formula (Greenwood and
Ward, 2015; Massey, 2016).
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(Green and Green, 2004; Green, 1999).11 Separately, Canada also placed a high value on

immigration for family reunification purposes. As such, economic immigrants and family

immigrants were highly positively selected: either they were very skilled workers, or they

had family members that could help them once in Canada.

2.1 Refugees

Refugees on the other hand, faced a very different immigration process. As less is usually

known about their admission, we outline below several institutional details on how refugees

come to Canada. Formally, the 1976 Immigration Act defined refugees as those displaced

from their home country and unable to return safely due to “a well-founded fear of per-

secution for reasons of race, religion, nationality, membership in a particular social group

or political opinion” (Library and Archives Canada, 1976). While refugees are thus admit-

ted under humanitarian grounds, between 1976 and 2002, Canada nevertheless still required

prospective refugees to show economic independence within a certain period of arrival (Kaida

et al., 2022). Since 2002, the Immigration Refugee and Protection Act (IRPA) placed more

emphasis on humanitarian reasons for admitting refugees. During our sample period, Canada

accepted an average of 28,092 refugees per year (Figure B.1a), which until recently was more

refugees per capita than any other nation (Treviranus and Casasola, 2003).12

The majority of refugees come to Canada through resettlement. Typically, refugees flee

from their home to a neighboring country (country of asylum) and then receive aid from the

United Nations High Commissioner for Refugees (UNHCR). The UNHCR identifies refugees

who need resettlement, a process by which they are accepted by another country and offered

permanent residence.13 Refugees are selected for resettlement by the UNHCR based on

several criteria such as: those at risk of refoulement (where the asylum country forcibly

returns the refugee to its home country); those who are victims of violence; those with

urgent medical needs; those vulnerable due to their gender; and those who are separated

11Note that the province of Québec has their own immigration policy (Gagne et al., 1983). The “Canada
Québec Accord relating to Immigration and Temporary Admission of Aliens” gives Quebec the right to select
its own immigrants.

12In per capita terms, Canada is only second to Germany in G7 nations, including Australia, during this
period Figure B.1b.

13See https://www.unhcr.org/resettlement.html for more information.
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from their family members (UNHCR, 2020).

After identifying refugees eligible for resettlement, the UNHCR sends applications to

potential host countries, such as Canada, who set quotas for the number of available refugee

slots (Newland, 2002). While the UNHCR chooses those eligible for resettlement, the ulti-

mate decision on whether refugees are invited lies with the host country. Immigration officers

from Canada select refugees who will receive permanent residency through an interview pro-

cess. An officer reassesses the validity of the refugee claim, and inquires about their ability

to resettle in Canada, considering factors such as linguistic ability. Thus, while there are still

selection criteria for refugees, they are subject to significantly weaker criteria than economic

immigrants. For example, a refugee interview guidebook for immigration officers from 2009

highlights that factors such as having previously taught languages, being fluent in their own

language, or knowing more than one language (irrespective of whether they are English and

French) all point to linguistic ability (Citizenship and Immigration Canada, 2009). In addi-

tion, keeping families together is an important part of the resettlement program (Citizenship

and Immigration Canada, 2009).

A refugee selected for government assistance will typically be allowed to move to Canada

with their immediate family members. In determining where in Canada a refugee will settle,

an immigration officer has to consider quotas in refugee resettlement across Canadian desti-

nations. They also account for whether refugees have any family or friends in Canada that

could help with the resettlement process (Simich et al., 2002).

3. Data

In this section, we describe the main details of the data, as well as sample and variable

construction (for more details, see Appendix A).

3.1 Immigration Data

Immigrant landing files for all new permanent residents since 1980 come from the Longitu-

dinal Immigration Database (IMDB). A key feature of the IMDB is that it includes family

identifiers which allow us to link immigrant parents and children; the file also specifies the
8



main parent.14 The IMDB includes standard demographic variables (e.g., sex and date of

birth), variables on country of origin, birth, and prior residence, and immigrant class of

admission (e.g., refugee and humanitarian, economic, business class, etc.). Since the landing

file data is derived from immigrant application files, we also observe unique measures—that

are seldom observed by researchers—such as self-reported mother tongue, fluency in English

and French, years of schooling, and intended occupation. These variables are populated by

the applicant and then verified by an Immigrant, Refugee and Citizenship Canada (IRCC)

officer through supporting documentation and an interview process.15 We discuss these

pre-immigration variables in more detail in subsection 3.3.

3.2 Tax Data

Immigration landing files are linked to individual income tax returns (T1 Family File, T1FF)

from 1982 to 2020 and third-party information returns (T4 wage slips issued by employers)

from 1997 to 2020. These two sources are analogous to 1040 forms and W-2 forms in the

United States. Linkages are formed by Statistics Canada using probabilistic linkages. Of

immigrants admitted between 1980 and 2020, over 85.3% had at least one T1FF record

(during the period 1982-2020) and over 70.3% were linked to at least one T4 record (during

the period 1997-2020). In cases where earnings are reported by both individual and third-

parties, earnings were matched 93% of the time and the average overall difference between

the two measures is 1.8% (Statistics Canada, 2022b).

We also have administrative tax data on a 20% sample of all annual T1FF filers in

Canada for each year in our study period, called the Longitudinal Administrative Data

(LAD). We use this data to construct individual and household income percentiles for the

overall Canadian population which we use to rank immigrant child and parental household

incomes.

14Note that we do not observe any children born in Canada.
15Lying on an application or in an interview with an IRCC officer or document fraud is a serious crime and

can lead to removal from Canada or bans from entering the country. https://www.canada.ca/en/immigration-
refugees-citizenship/services/protect-fraud/document-misrepresentation.html
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3.3 Sample and Variable Definitions

Our primary sample consists of all immigrant children arriving in Canada as permanent

residents before the age of 18 for whom we observe both, their income and their parents’

income. Specifically, this includes all children who (1) arrive in Canada after 1982, (2) have

filed at least one tax record between the ages of 30 and 34, and (3) whose main parent filed

at least one tax record between the ages of 45 and 49. This results in 484,340 children16

born between the years of 1963 and 1989, and who have arrived to Canada between 1980

and 2006.

Child Income Child adult income is measured at ages 30-34 as intergenerational mobility

measures tend to be more stable with child earnings in their early 30’s (Chetty et al., 2014;

Connolly et al., 2019). Individual income17 across this age range is averaged and ranked

against all tax filers in Canada (immigrant and non-immigrant) in the same birth cohort, in

the same year (i.e., others who also turn 30 in the same year) using the LAD. We impute

missing years as zero, keep zero income and impute the average percentile rank (e.g., if 5%

of tax filers in Canada have zero income, an immigrant with zero income will be given an

income rank of 2.5). When calculating intergenerational elasticities (i.e., log-log models), we

consider various methods of dropping and imputing zero incomes.

Parental Income In our preferred specification, we measure parental income when the

main parent is 45-49. This age is chosen to more closely capture the immigrant parent’s

earning potential, which may be mechanically depressed upon arrival (at the average age

of 37-40). As with child income, parental incomes are also ranked against a sample of all

Canadian parents (immigrant and non-immigrant) who are aged 45-49 in the same year.

We check whether our findings are sensitive to the use of alternative measures of parental

and child income when estimating intergenerational mobility rates. This includes parental

incomes measured at different ages of the parent and the child, individual versus household

16Sample sizes are rounded to the nearest tenth due to Statistics Canada vetting rules.
17We use individual income as it is a more accurate measure of the economic success of the child and

is consistent with previous studies on intergenerational mobility of immigrants (Abramitzky et al., 2021;
Connolly et al., 2022).
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income, and also income measured at a certain number of years after arrival in Canada.

Pre-Immigration Variables As mentioned earlier, pre-immigration variables from the

IMDB are from immigration applications that are verified by the IRCC. Immigrants are

required to supply proof of variables such as the highest level of education. An important

variable for our study is the intended occupation variable. This variable is meant to be a

proxy for the applicant’s intended career in Canada, considering their most recent source-

country occupation. While there may be some incentives to misreport or overinflate their

intended occupation, Green and Green (1995) argue that this is rare in practice because

Canada has strong incentives to prevent misrepresentation. IRCC validates this variable

using both proof of education qualifications as well as requiring at least one year of experience

in the field. Individuals without work experience are classified as new workers. This intended

occupation variable strongly predicts realized income and occupation in Canada. Figure B.2

shows that across intended occupation categories, the correlation between actual immigrant

household income and actual Canadian-born household income is high (0.80) and indicates

rank order consistency between the intended occupation of immigrants and the occupation

of the Canadian-born.18

In addition, we perform a further validation of the intended occupation variable using

the Longitudinal Survey of Immigrants to Canada (LSIC). This survey is conducted on

a subsample of 12,000 immigrants after landing in 2000-2001. It contains information on

immigrants’ past occupation in the country of origin, the intended occupation in Canada

as recorded in the survey conducted six months after landing, in addition to the intended

occupation listed on their landing file.19 Figure B.3 shows a heat map that displays the

extent to which an individual’s intended occupation, as stated on her landing file (x-axis),

matches her occupation when surveyed (y-axis). If the intended occupation variable in the

LSIC is missing, we use the past occupation in the country of origin instead. Occupations

are at the one-digit level. The heat map shows that for immigrants, the one-digit intended

occupation on the landing file correlates highly with either their past occupation or the
18For example, Canadian natives (immigrants) who state their (intended) occupation is “professional occu-

pations in health–except nursing" do go on to earn higher incomes than those with an (intended) occupation
of “assisting occupations in support of health services” at ages 45-49.

19We go into further details on the construction of the LSIC sample in Appendix A.
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occupation stated in the survey. This high correlation is reassuring: while immigrants may

have incentives to inflate their occupation on their landing file (despite there being harsh

penalties for doing so), there are no incentives to lie on a survey six months after arriving

in Canada.

4. Empirical Specification

4.1 Measuring Intergenerational Mobility

Labor economists have long been interested in intergenerational mobility in societies (see

Deutscher and Mazumder, 2023, for a recent discussion). Economic mobility has typically

been measured using total income, which is a salient measure of poverty, resources, and

privilege. This has been operationalized with rank-rank regressions (Dahl and DeLeire, 2008;

Chetty et al., 2014; Jácome et al., 2022):

RankChild
i = β0 + β1RankP arent

i + ϵi. (1)

Specifically, we regress child individual income rank at ages 30-34 on their parent’s house-

hold income rank at ages 45-49. The intercept parameter β0 measures the absolute mobility

if a child is born to parents at the bottom of the income distribution. The slope parameter

β1 measures relative mobility and identifies the correlation between a child’s position and

their parent’s position in the income distribution. Note that high (low) positive estimates

of β indicate a strong (weak) correlation between the income of the child and the parental

income, which implies low (high) mobility. In addition to the rank-rank correlation, we

estimate the expected income rank of child immigrants if their parents were at the 25th

percentile of the household income distribution (referred to as “absolute upward mobility”,

Chetty et al., 2014). Equation 1 will be estimated on the full sample of immigrants as

well as on refugee and non-refugee immigrants separately. We also consider measures of

intergenerational elasticity with log-log specifications.
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4.2 The Mobility Gap Between Refugees and Non-Refugees

In addition to measuring intergenerational mobility for refugee and non-refugee immigrants,

we are also interested in investigating the mobility gap between these two groups. Towards

this end, we follow Abramitzky et al. (2021) by estimating a regression that allows refugee

and non-refugee intercepts and slopes to differ, as well as introducing additional controls:

RankChild
i = β0 + β1Refugeei + β2RankP arent

i + β3Refugeei × RankP arent
i + X ′

iθ + ϵi. (2)

The intercept term β0 captures the absolute rank mobility of children of non-refugee

immigrants born to parents at the lowest percentile of the income distribution (relative

to all Canadians). The parameter β1 captures the difference in expected rank between

refugee and non-refugee immigrants. The parameters β2 and β3 capture the relative mobil-

ity of non-refugee children and the degree to which this correlation is different for refugee

children, respectively. Therefore, the intergenerational gap in absolute upward mobility be-

tween refugees and other immigrants at the 25th percentile is measured by β1 + β3 × 25. We

include controls Xi pertaining to children characteristics (such as landing age and country

of birth) and parental characteristics (e.g., intended occupation, language ability) to probe

which factors can explain the intergenerational absolute mobility gap between refugee and

non-refugee immigrants.

4.3 Adjusting for Underplacement

It is well-documented that immigrants experience occupational downgrading upon landing

(Dustmann et al., 2013; Eckstein and Weissd, 2004). This has led to concerns that immigrants

are underplaced (Abramitzky et al., 2021) and therefore income rank is not an accurate

measure of true income potential. Moreover, recent work has shown that factors beyond

parental income, such as parental education and occupation, explain a meaningful proportion

of the variation in child earnings (Deutscher and Mazumder, 2023).

We adjust for underplacement of immigrants and account for key parental factors that

may influence child outcomes by leveraging pre-immigration parental (intended) occupation,

educational attainment, and marital status to predict income potential of immigrants, if they
13



had been Canadian-born. Specifically, we first estimate Mincer regressions (Mincer, 1958) of

total household income on observable covariates using five Census waves (1991, 1996, 2001,

2006, and 2011):

LogIncomej =β1NOCj × Femalej + β2Educj × Femalej (3)

+ β3Y earj + β4Femalej + β5Marriedj + ϵj.

This regression is estimated on Canadian-born individuals (with children) between the

ages of 45-49 with positive incomes. The variable LogIncome is the log of total household

income,20 NOC is the 2-digit national occupation classification code of 201121; Educ is years

of schooling bins (< 12, 12, 13-15, 16, > 16) , Y ear is the census year at which income

is measured, and Female and Married are indicator variables for female sex and being

married. The interaction terms between occupation and sex, and schooling and sex, account

for differences in returns to occupation/schooling by sex.

Using the estimated coefficients from Equation 3, we then calculate the predicted house-

hold income of immigrant parents using their pre-immigration characteristics verified by the

IRCC. Importantly, we use the “Intended Occupation” (2-digit NOC 2011 code) of immi-

grants. For immigrants who report an intended occupation of “new worker” (immigrants

without work experience would receive this value), we impute their occupation as manual

laborer (the lowest earning occupation observed in the Census), and in a robustness test we

drop these individuals. Finally, we calculate the predicted household income rank for immi-

grants among all Canadian parents and estimate Equation 1 by keeping the actual income

rank of the child and replacing the actual realized parental income rank with the predicted

parental income rank. The predicted parental income value reflects the counterfactual in-

come if they were Canadian-born, and is likely an overestimate of true income potential.22

20Household income is self-reported in the census prior to 2006. Starting in 2006 census respondents were
given the option to have their census answer linked to their tax files. Approximately 80% of individuals
agreed to share tax data in 2006 (Brochu et al., 2014).

21We convert occupation codes in the census to NOC 2011 2-digit occupation codes to line up with the
intended occupation variable in the immigration dataset. There are 40 two-digit NOC occupation codes.

22This value is an overestimate because the prediction exercise implicitly assumes that the immigrant
has the language skills, work experience, professional networks and required accreditation of the average
Canadian.
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We refer to the difference between predicted income potential rank and realized actual in-

come rank as “underplacement”.23 Therefore, we view this adjustment exercise along with

the realized rank-rank slopes in Equation 1 as providing bounds on the true intergenerational

mobility of immigrants.

Parallels to other approaches Our approach of predicting income using observable char-

acteristics is not new. It is related to concerns around mismeasurements of parental endow-

ment with earnings dating back to Solon (1989) and Mulligan (1997). These papers propose

instrumenting for parental earnings with father characteristics such as education (Solon,

1992). Through this lens, our approach can be viewed as a two-sample 2SLS approach where

pre-immigrant characteristics are used to instrument for income using a separate sample of

the Canadian-born (Inoue and Solon, 2010).

Our approach is also related to recent work on historical intergenerational mobility where

income rank is constructed using occupations (Collins and Wanamaker, 2022; Abramitzky

et al., 2021; Jácome et al., 2022; Song et al., 2020). More directly, occupational mobility

measures are also commonly studied in economics (Long and Ferrie, 2013) and sociology

(Erikson and Goldthorpe, 1992); researchers have also studied educational mobility (e.g.,

Alesina et al., 2021). Our approach uses these same (pre-immigration) variables and maps

it into a scalar (using the native-born data as the projection). Finally, intended occupation

is validated by IRCC using proof of education and work experience, which makes it more

likely to reflect a long-run permanent occupation (i.e., “career”) as opposed to a transitory

snapshot of their occupation (i.e., upon arrival to Canada). This alleviates concerns around

measurement biases dating back to Solon (1989) and more recently emphasized by Ward

(Forthcoming).

5. Results

In this section, we first provide summary statistics on our main sample of 121,000 refugee

and humanitarian immigrants and 363,340 non-refugee immigrants arriving in Canada be-

23Specifically, the Rank( ̂LogIncomej) − Rank(Incomej), where rank is calculated based on the same
sample of Canadian parents.
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tween 1980 and 2006. We proceed by comparing refugees to non-refugees and stayers before

examining the intergenerational mobility of immigrants.

5.1 Refugee and Non-Refugee Immigrant Selection

Refugees versus Non-Refugees Table 1 provides evidence that refugee children and par-

ents are more disadvantaged than non-refugee immigrants in their human capital acquisition,

language proficiency, intended occupation, and previous work experience. This corroborates

the findings in the literature that refugees are generally less positively selected than other

immigrants (Cortes, 2004; Ruiz and Vargas-Silva, 2018; Dustmann et al., 2017; Kaida et al.,

2022).

In our sample, only 31% (vs 64% for non-refugees) of refugee parents speak any English,

17% (vs 34%) have at least 16 years of schooling—a proxy for a bachelor’s degree—9% (vs

38%) report an intended occupation of a managerial or professional role, and 39% (vs 11%)

arrive as new workers. With respect to income, Table 1 shows that ten years after arriving

in Canada, refugee parents have an average household income of $59,100 versus $83,400 for

non-refugee parents. When comparing parental incomes for the two immigrant groups at

ages 45-49—our parental income measure of interest—the non-refugee advantage remains

the same. In subsection 5.2, we investigate whether these disadvantages for refugee parents

persist into the next generation.

Refugees, Non-Refugees and Stayers To get a sense of how Canadian immigrants

are selected, Table 2 presents average educational attainment for refugees, non-refugees,

and stayers by country of origin using the IMDB for immigrants and the IPUMS census for

stayers. It is immediate that non-refugees are more educated than refugees and that refugees’

educational attainment is closer to stayers.

For example, Vietnam is the top refugee sending country in our sample (14,750 refugees)

and the 11th non-refugee sending country (8,290 non-refugees); 33.3% of non-refugee immi-

grants from Vietnam have at least a high school degree compared to 24.2% for refugees and

14.9% for stayers. The percentage with at least a college degree is 7.7%, 4.5% and 3.2% for

non-refugees, refugees, and stayers, respectively. This pattern holds in almost all the top
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refugee nations across different world areas.24 For example, only 18.9% of Iranian refugees

have a college degree, compared to 11.4% of stayers and 68.6% of non-refugees.

5.2 Intergenerational mobility of immigrants

To what degree do the economic outcomes of Canadian immigrant children depend on that of

their parents’ and how does this differ by refugee status? Table 3 reports different measures

of intergenerational mobility for all immigrants and separately by refugee status. The first

row displays log-log estimates (intergenerational elasticity of 0.172) and the second row esti-

mates Equation 1, the correlation between the child individual income rank and the parental

household income rank. The estimate of the rank-rank correlation is 0.223. Table B.1 shows

that the estimate of intergenerational mobility is stable when considering other measures of

child economic outcomes (income vs earnings), parental income (main parent, top earning

parent), and different periods of measurement (based on parental age, child age, and number

of years after landing).

Our rank-rank slope of 0.223 indicates that children of Canadian immigrants have high

relative intergenerational income mobility. For comparison, the rank-rank correlation for

Canadian-born parents provided by Marie Connolly is 0.286.25 Our finding that immigrant

children have higher income mobility than natives complements work studying other coun-

tries. For example, Abramitzky et al. (2021) estimate rank-rank slopes of 0.21 and 0.25 for

sons born to immigrant fathers in 1984–2006 and 1978–1983 respectively, while the corre-

sponding estimates for American-born fathers are 0.29 and 0.33.

When looking at differences by immigration status, refugees have lower relative mobility

with a rank-rank slope of 0.263 compared to 0.205 for non-refugees. As discussed in Chetty

et al. (2014), the rank-rank slope masks heterogeneity in outcomes across the income distri-

bution. To get a fuller picture of immigrant mobility, Figure 1 plots a binned scatterplot

24The one exception being Poland in that Polish refugees to Canada are more educated than non-refugees.
This can be attributed to the social, economic and political hardships in Poland during the 1980’s and early
1990’s, coupled with the high (state-imposed) cost of emigration During this period, the majority of Polish
emigrants—many of whom were political dissidents and highly educated—were granted refugee status in
Canada (Krywult-Albańska, 2011).

25These estimates are for birth cohorts 1975 to 1985 using the Intergenerational Income Database and
Census linkage.
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of percentile income ranks for children and parents by refugee status. The gray-dashed line

provides an estimate of the rank-rank relationship for Canadian-born, provided by Marie

Connolly using the Intergenerational Income Database linked to the Census.

The binned scatterplot highlights that the non-refugee advantage is driven by the fact that

non-refugee children from the bottom of the income distribution outperform their refugee

counterparts. In fact, in the top quintile of the parental income distribution, refugee children

perform just as well on average as non-refugee children.

Thus, the remainder of this paper focuses on two measures of absolute upward mobility,

the expected outcome of children born to parents at the 25th percentile and 50th percentile

of the income distribution. Refugee children with parents in the 25th percentile have average

individual incomes in the 47th percentile of the overall Canadian income distribution, at ages

30-34. Refugee children of parents at the median of the income distribution go on to have

individual income at the 54th percentile. Non-refugee children with parents at p25 and p50

have individual incomes at the 51st and 56th percentiles, respectively. In addition, both non-

refugees and refugees have higher absolute upward mobility than the Canadian-born. At the

25th percentile of parental income, the upward mobility estimate for natives is 44 percentiles.

The difference in economic opportunity between immigrants and natives narrows as parental

income increases.

5.3 Heterogeneity

Next, we examine heterogeneity in economic mobility among refugee and non-refugee immi-

grants. Figure 2 plots the absolute upward mobility rate (at p25) for each immigrant group

by census metropolitan area (CMA) of landing, visible minority composition of census tract

(“minority neighborhood” henceforth26), world area of birth, intended occupation, language

proficiency, and child landing age. For both immigrant groups, those residing in Calgary and

especially, Edmonton experience higher upward mobility than those in Montreal, Toronto,

and Vancouver.27 On average, children of non-refugees consistently outperform refugees by

26Minority neighborhood is defined as a census tract with a non-white share of the total population that
is above the national average based on the nearest census year.

27One possible explanation for the success of Calgary and Edmonton is the economic growth of Alberta’s
energy and natural resources sector.(Agrawal and Yu, n.d.)
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3-5 percentile income ranks regardless of which CMA they land in. Moreover, the mobility

gap is only slightly changed when accounting for the racial composition of the immigrants’

neighborhood; the mobility gap is slightly higher for immigrants who live in neighborhoods

where there is a higher proportion of non-Whites.

In contrast, heterogeneity by world area of birth depends noticeably on refugee status.

For example, with the exception of South and Central Americans, there is little to no het-

erogeneity among non-refugees. For refugees, however, mobility gaps vary considerably by

region of birth. In fact, children of European refugees are more mobile than children of

Middle East and African refugees by 8 percentile ranks. Figure 3 further investigates this

heterogeneity by plotting expected child income rank for each quintile of parental income

rank, across world region of birth. Refugees from East Asia, and Africa and the Middle East,

consistently have lower economic mobility than their non-refugee counterparts, across the

entire parental income distribution. For refugees from South Asia and Oceania, the refugee

mobility gap shrinks with income.28

Intended occupation exhibits the most heterogeneity for both immigrant groups. Chil-

dren of refugees whose parents had work experience in managerial and professional roles,

have around seven percentile income ranks more than children of refugees whose parents

are “new workers”. The corresponding figure for non-refugees is roughly eight percentile

income ranks. Remarkably, the mobility gap by refugee status is not linear with respect to

intended occupation. For example, among those who reported the highest intended occupa-

tion category—managers and professionals—there is virtually no difference between children

of refugees and children of economic immigrants. In contrast, the highest mobility gap by

refugee status is experienced by children of immigrants whose parents reported the second

highest intended occupation—skilled and technical occupations. One interpretation of this

result may be that some occupations have more worker heterogeneity (e.g., substantial vari-

ation in language proficiency) than others, which contributes to the mobility gap.

Upward mobility for refugees does not greatly differ by proficiency of parents’ in English;

however, for non-refugees, those whose parents spoke English experience higher mobility by

28Meanwhile, immigrants from Europe and South/Central America experience negligible differences in
mobility by refugee status throughout the parental income distribution.
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6 percentile income ranks.29 In addition, we find that child landing age exhibits significant

variation in absolute upward mobility: refugee and non-refugee children landing under the

age of 10 perform better than those landing at older ages.30 This suggests that immigrant

assimilation is more likely for those with early childhood exposure (Chetty et al., 2016;

Connolly et al., 2023) in the host country.

By and large, the mobility gaps estimated at the 50th percentiles of the parental income

distribution (Figure B.4) and the 75th percentile (Figure B.5) corroborate the general pat-

terns we document above. It is noticeable however that as parental income rank increases,

the mobility gap by refugee status wanes substantially from p25 to p50 to p75 for some

groups while persistent for others. For example, the mobility gap is reduced for all intended

occupation categories, CMAs, living in a minority neighborhood, and English language pro-

ficiency. In contrast, mobility gaps are notably persistent for many other groups—including

Middle East and African immigrants, East Asian immigrants and those arriving in the age

range of 15-17.

5.4 Why are refugees less upwardly mobile?

Heterogeneity in the refugee vs non-refugee mobility gap across different subgroups suggests

that observable differences between the two groups may explain their different mobility es-

timates. We formally test this hypothesis by estimating Equation 2. Figure 4 presents

estimates of the intergenerational gap in absolute mobility between refugees and other im-

migrants at the parental rank of p25 (dark bars) and p50 (light bars). To start, we focus on

the gap at the 25th percentile. The first bar presents the raw gap which is −3.96 percentile

ranks. Next, we include different controls, one at a time (i.e., bivariate regressions), to assess

what factors explain the gap between refugees and other immigrants. A few facts emerge

from this exercise.

First, observed pre-immigration characteristics are able to explain around 60% of the

mobility gap at p25 between refugees and non-refugees. Looking at the last set of bars,

29This is consistent with recent work showing that children of refugees who received additional language
training go on to have higher educational attainment (Foged et al., 2023).

30In related work, Connolly et al. (2023) assess the causal effect of immigrant landing age in Canada on
child income and find positive effects for those immigrating at younger ages.
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when we include all pre-immigration controls (region of birth, education, intended occupation,

main parent landing age, and marital status), the intergenerational gap between refugees and

non-refugees falls from −3.96 to −1.5 percentile ranks. Second, the characteristic with the

largest effect on the gap by refugee status is intended occupation, which explains roughly

half of the gap. This implies that differences between the skill and work experience between

refugees and non-refugees (“selection on skill”) explains around half of the mobility gap at

p25. Language proficiency and parental educational attainment also play important roles.

In contrast, region of birth explains only 13% of the gap.

Indeed, refugee and non-refugee children whose parents have a similar educational back-

ground or are from the same region of the world are more similar in terms of mobility

(Aydemir et al., 2009; Aydemir, 2011). For the gap at p50, intended occupation again ex-

plains the majority of the gap, reducing it from −2.54 to −0.96. Including all controls at p50

explains 85% of the gap, leaving us with an unexplained gap of only -0.38 percentile ranks.

To gauge whether host country and child characteristics affect the mobility gap, we in-

clude controls for location, minority neighborhood, and child landing age (Figure B.6) and

find there is little to no effect on the absolute mobility gap.31 While location (i.e., neighbor-

hood effects) has played a major role in explaining absolute mobility gaps in the literature,

we contend that this may be attributed to studying groups that are usually residentially

segregated from each other.32

5.5 Mobility rates adjusted for underplacement

The above results show that both refugee and non-refugee immigrants in Canada have high

upward mobility. In this section, we assess the extent to which underplacement contributes

to the upward mobility of immigrants.

Who is underplaced? In Table 4, we study which pre-immigration variables are associ-

ated with underplacement, separately for refugees (columns 1-4) and non-refugees (columns

31We include 41 dummies for census metropolitan areas, each of which has at least 30 observations.
32In fact, location plays a primarily role in reducing the mobility gap between natives and immigrants

(Abramitzky et al., 2021) as well as ethnic wage gaps among immigrant groups (Ward, 2020, 2022) for US
immigrants that arrived at the end of the 19th century.
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5-8). More specifically, we regress the difference in predicted and realized parental income

rank (based on Equation 3) on a set of covariates that were not used to compute predicted

income rank: world area of birth (columns 1 and 5), language skills (columns 2 and 6),

parental landing age (columns 5 and 7), and all covariates together (columns 4 and 8).

The omitted groups are immigrants born in Africa and the Middle East, immigrants

who neither speak English nor French, and immigrants who landed before age 30. For

refugees, immigrants from Africa and the Middle East are the most likely to be underplaced:

the average difference in their predicted and realized rank is 11 percentile ranks. For non-

refugees, however, East Asians are the most likely to be underplaced such that the difference

between predicted and realized income is 37 rank percentiles on average; non-refugees from

the Middle East/Africa and South Asia also experience high degrees of underplacement.33

In comparison, European and South and Central American immigrants (refugees and non-

refugees) experience some of the lowest rates of underplacement.

For refugees who speak English or French, they are less likely to be underplaced compared

to those without these language skills. On the other hand, non-refugees who speak one of

the official languages are more underplaced, with an average rank difference of 5 percentiles.

Lastly, both refugees and non-refugees are more likely to underplace when they land at an

older age, in line with them having less time to assimilate in the labor market.

Adjusting for underplacement: We now turn to studying how our estimates of intergen-

erational mobility change when correcting for underplacement. Following the methodology

described in subsection 4.3, Figure 5 displays the distribution of actual income and pre-

dicted income potential, as well as binned scatterplots of child and parental income ranks

for refugees and non-refugees. In the left column in Figure 5, we plot the histograms of

realized actual immigrant parental income ventiles and binscatter plots of child rank ver-

33For certain groups, the extent of underplacement is large, which may suggest that using native-born
outcomes to predict income potential may be an overestimate of their true income potential. Therefore, we
view actual income and predicted income as lower and upper bounds of an immigrant’s true income potential.
Another possibility for the large underplacement for minorities may be discrimination; however, Mattoo et
al. (2008) conclude that country-specific factors, such as the quality of tertiary education and the medium of
instruction (i.e., not English), may complicate the ability of workers to transfer their skills. These findings
also tie into work on the visible minority gap in earnings in Canada such as Skuterud (2010) and Oreopoulos
(2011).
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sus parental rank; the right column displays predicted income potential. Not surprisingly,

predicted income potential shifts the mass of refugee and non-refugee immigrants towards

higher incomes. However, the shift is starker for non-refugees, reflecting that these immi-

grants experience more underplacement. This finding is in line with non-refugees being a

more positively selected group.

Examining the change in the binned scatterplots, we see that using predicted parental

income ventiles lowers the intercept for non-refugees and flattens the slope for both groups,

especially at higher ventiles. To quantify these differences more clearly, Table 5 displays

estimates of Equation 1 using realized income and predicted income.34

Our results indicate that the rank-rank slope is lower when adjusting for underplacement,

changing from 0.264 to 0.200 for refugees and 0.206 to 0.152 for non-refugees. This implies

that on average, children of immigrants may have greater relative mobility than our previous

estimates indicate. However, this is not driven by greater mobility from low ventiles to high

ventiles, but from high ventiles to low ventiles. We can infer this directly from the bottom

of Table 5, where the underplacement-adjusted absolute upward mobility at p25 is lower by

roughly one percentile for refugees and two percentiles for non-refugees. The corresponding

figures for p75 are more striking, at around 4 percentiles for refugees and 4.6 percentiles for

non-refugees.

Thus, when correcting for underplacement, immigrants experience lower absolute upward

mobility and greater relative mobility. Furthermore, comparing our estimates to mobility

studies focused on the native-born Canadian population, stipulates that correcting for the un-

derplacement of adult immigrants can bridge a non-negligible portion of the upward mobility

gap between children of immigrants and children of natives.35

34Table B.2 repeats the underplacement exercise dropping new workers and the upward mobility estimates
are very similar.

35To be more specific, the rank-rank intercept (36.536) and slope (0.286) for native-born Canadians using
a linkage between the Intergenerational Income Database and the Census, was kindly provided to us by
Marie Connolly (Connolly et al., 2023). This implies absolute upward mobility estimates for native-born
Canadians are: p25=43.7, p50=50.8, and p75=58.0. When correcting for underplacement, the mobility gap
between children of refugees and children of natives is almost fully bridged at p50 (51.4 vs 50.8) and reverses
at p75 (56.4 vs 58). The mobility gap at p25 is reduced from 3.5 percentile ranks to 2.7 percentile ranks.
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Adjusting for underplacement by subgroup: To identify which subgroups’ mobility

estimates are most affected by correcting for underplacement, Figure 6 presents absolute

upward mobility at p25 for refugees (left) and non-refugees (right). Upward mobility esti-

mates using actual income are in solid dark points and estimates using predicted income

adjusted for underplacement are in transparent points. A few results stand out. To start,

using predicted instead of realized income ranks has larger changes on the upward mobility

for non-refugees. For refugees, most groups experience a one to two percentile rank decrease

in upward mobility when adjusting for underplacement. Moreover, differences in realized

and adjusted mobility estimates are largely similar across subgroups.

In contrast, there are starker differences for non-refugees. This result lines up with

our findings in Table 4, highlighting that non-refugees are more likely to be underplaced.

Focusing more on how underplacement affects IGM estimates for non-refugees, we see that

some of the starkest drops in upward mobility occur across certain world regions of birth.

Correcting for underplacement, the mobility estimates for non-refugees from Africa and

Middle East drop by five percentile ranks. The mobility rates of non-refugees from Eastern

and Southern Asia are also overstated. Unlike all other nonrefugee groups, the mobility rates

of Europeans are understated.

Correcting for underplacement also reduces the adjusted mobility estimates for other

subgroups, such as those whose parents speak English, or those with a main parent that

reported a skilled and technical occupation as the intended occupation. These results are

consistent with Friedberg (2000), who shows that higher levels of education and skill are not

easily transferable, especially for immigrants from Asia and Africa. This exercise demon-

strates that the large mobility gap by refugee status is highly overstated for some groups

(e.g. Middle East and African immigrants, skilled and technical workers, and workers who

speak English) but only slight affected or even understated for other groups (e.g., Oceania

and other Asia, Europeans). Note that we also see a noticeable reduction in upward mobility

for non-refugee immigrants landing in Montreal, which could be related to Montreal having

a larger share of immigrants from French-speaking African countries (Brabant, 2017).
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6. Discussion and Conclusion

This paper studies the intergenerational mobility of immigrants by refugee status using land-

ing files linked with tax records. We find that even though refugees are less selected in

terms of educational attainment and language skills, they have great economic opportunity:

children of refugees with parents in the 25th percentile of the Canadian income distribu-

tion have incomes in the 47th percentile, while for non-refugees the comparative number

is 51. Both refugees and non-refugees immigrants have greater economic opportunity than

Canadian-born natives (44th), highlighting the success of the Canadian immigration system.

Our exercises into the heterogeneity of immigrant upward mobility highlighted that for

refugees, there is substantial variation in economic opportunity by world area of birth, in-

tended occupation of the main parent, and child landing age. In addition, we find that

parental human capital—accumulated prior to immigration—such as English language skills,

years of schooling and occupation, accounts for the majority of the gap in upward mobility

between refugees and non-refugees.

Lastly, we study the extent to which our upward mobility estimates are affected by the

underplacement of adult (parent) immigrants. Changes in the mobility estimates before and

after correcting for underplacement, accounted to less than one percentile for refugees and

two percentiles for non-refugees. However, since non-refugees from East Asia, South Asia

and the Middle East and Africa were the most likely to be underplaced, the changes in

their mobility rates were particularly stark. In fact, for non-refugees from the Middle East

and Africa, correcting for underplacement led to a five percentile reduction in their upward

mobility estimate.

These findings imply that a large share of non-European immigrants are unprepared for

the Canadian labor market. What is more problematic is that many underplaced immigrants

are also from highly educated and skilled backgrounds. Similar arguments have been made

about immigrants in Israel (Friedberg, 2000), the UK (Dustmann et al., 2013) and the

US (Mattoo et al., 2008). Host countries may benefit from regulations that assess the

transferability of immigrant skills and provide feedback for what is needed in the host country
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labor market.36

At a high-level, our main finding is that immigrants in Canada are highly mobile, even

adjusting for underplacement. One implication of this finding is that high immigrant mobility

in countries like the United States (Abramitzky et al., 2021) may be robust to adjusting

for underplacement. A remaining question for future research is to understand the factors

that make immigrants more mobile than natives. For example, while prior research has

found location effects to be particularly strong in the US (Chetty et al., 2016) and Africa

(Alesina et al., 2021), location plays a smaller role in explaining the higher upward mobility

of immigrants relative to natives in younger cohorts (Abramitzky et al., 2021). Thus, are

the drivers of mobility for natives and immigrants the same across countries? Do they differ

by immigrant class of admission? These are important questions for future research.

36For example, in Germany, there is a protocol for recognizing foreign qualifications that ultimately
provides immigrants with equivalency. Immigrants are allowed to apply for occupational recognition even
before arrival. While the process is cumbersome, the returns to occupational recognition are large (Brücker
et al., 2021).
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Tables and Figures

Table 1: Summary Statistics for Refugee and Non-Refugees

Refugee Non-Refugees
(N=121,000) (N=363,340)

Child Landing Variables
Age at landing 9.18 (4.72) 10.09 (4.45)
Birth Country: Africa and Middle East 0.19 0.15
Birth Country: Eastern Asia 0.04 0.21
Birth Country: Europe 0.25 0.25
Birth Country: Oceania and other Asia 0.24 0.13
Birth Country: South and Central America 0.17 0.14
Birth Country: Southern Asia 0.10 0.10
Landing Metro Area: Toronto 0.31 0.43
Landing Metro Area: Montreal 0.16 0.15
Landing Metro Area: Vancouver 0.07 0.14
Landing Metro Area: Calgary 0.04 0.04
Landing Metro Area: Edmonton 0.04 0.03

Child Outcome Variables (ages 30-34)
Individual Income 44,400 (35,500) 51,800 (41,800)

Pct 49.8 (27.5) 54.7 (28.9)
Household Income 77,900 (64,300) 96,300 (78,700)

Pct 55.1 (29.3) 62.1 (29.6)

Parental Variables
Mother on landing file 0.75 0.87
Father on landing file 0.58 0.72
Mother and father on landing file 0.52 0.68
Main parent is father 0.62 0.64
Speaks any English 0.31 0.64
Speaks any French 0.08 0.09
Household income 10Y after landing 59,100 (43,900) 83,400 (70,500)

Pct 35.5 (23.5) 45.5 (27.6)
Household income when main parent is 45-49 60,200 (48,500) 75,400 (69,300)

Pct 34.8 (24.4) 41.2 (28.0)
Household income when child is 15-19 51,400 (39,300) 69,600 (63,300)

Pct 32.5 (22.4) 40.2 (26.8)
Years of schooling (max of both parents) 11.1 (4.5) 13.2 (4.2)
At least 16Y education (proxy for college) 0.17 0.34
Intended Occupation: Managerial and Professional 0.09 0.38
Intended Occupation: Skilled and Technical 0.21 0.29
Intended Occupation: Clerical and Laborer 0.22 0.11
Intended Occupation: New Workers 0.39 0.11
Intended Occupation: Non-Workers (e.g., retired, student) 0.09 0.10

Notes: This table reports summary statistics for the main baseline sample for refugee immigrants (column 1) and non-refugee
immigrants (column 2). Means are reported and standard deviations (where appropriate) are in parentheses. Incomes are
in 2020 dollars. Sample sizes are rounded to the nearest tenth and income values to the nearest hundredth in accordance
with Statistics Canada vetting rules.
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Table 2: Education Level Across Immigrants and Stayers by Country of Birth of Child

At Least High School At Least College
Country Non-Refugee Refugee Stayers Non-Refugee Refugee Stayers
(Sample Size) (NR) (R) (NR) (R)

Top Refugee & Non-Refugee Countries:
Vietnam 0.333 0.242 0.149 0.077 0.045 0.032
(NR=8290, R=14750)
Poland 0.647 0.738 0.420 0.185 0.278 0.097
(NR=6610, R=11820)
Sri Lanka 0.471 0.453 0.147 0.079
(NR=5830, R=6530)
Iran 0.941 0.762 0.323 0.686 0.189 0.114
(NR=7160, R=4860)
Yugoslavia 0.766 0.707 0.387 0.170
(NR=4440, R=3640)
P.R. China 0.643 0.136 0.202 0.318 0.022 0.016
(NR=17830, R=2730)
Pakistan 0.805 0.431 0.082 0.462 0.120 0.045
(NR=9920, R=2710)
India 0.608 0.274 0.331 0.086
(NR=20520, R=1970)
Romania 0.851 0.759 0.595 0.592 0.361 0.092
(NR=6900, R=1330)
Hong Kong 0.573 0.077 0.199 0.011
(NR=35250, R=1300)

Top Refugee Countries:
El Salvador 0.449 0.179 0.119 0.032
(R=8890)
Afghanistan 0.692 0.262
(R=4770)
Bosnia and Herzegovina 0.678 0.263
(R=3950)
Thailand 0.109 0.145 0.015 0.057
(R=3390)
Somalia 0.479 0.093
(R=3210)

Top Non-Refugee Countries:
Philippines 0.761 0.487 0.182 0.149
(NR=28560)
United Kingdom 0.630 0.339 0.280 0.259
(NR=21730)
Taiwan 0.884 0.422
(NR=13570)
Jamaica 0.335 0.207 0.062 0.019
(NR=10980)
South Korea 0.922 0.577
(NR=9860)

Notes: This table examines summarizes education levels of immigrants and stayers across top sending countries (the country the child
immigrant was born in). Immigrant education is computed using IMDB with “at least high school" and “at least university" corresponding
to at least 12 years and 16 years of schooling. Non-immigrant (“stayer”) education is calculated using IPUMS census that is closest to
the modal landing year observed in the IMDB and responses for individuals aged 25 to 49. Not all sending countries have censues in
IPUMS. The definitions of “at least high school" and “at least university" are established using the edattaind variable. In instances where
multiple IPUMS years exist, the year closest to the modal landing year in IMDB is reported. The top ten refugee and non-refugee sending
countries with at least 1,000 of each category in our data are reported, followed by the next top five refugee countries, and the next top
five non-refugee countries. Total number of refugees or non-refugees are rounded and reported in our sample are reported in parentheses.
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Table 3: Intergenerational Mobility Estimates for Immigrants

Child’s Income Parent’s Income Estimate N=

All Immigrants
1. Log individual income Log family income age 45-49 0.172 470,220

(excl. zeros) (excl. zeros) (0.002)
2. Individual income rank Family income rank age 45-49 0.223 484,350

(0.001)
3. Individual income rank Family income when child is 15-19 0.231 480,700

(0.002)
4. Individual income rank Top parent’s family income rank at age 45-49 0.247 485,540

(0.001)
5. Individual income rank Family income rank 10 years post arrival 0.264 484,140

(0.001)
6. Individual earnings rank Family income rank age 45-49 0.197 484,350

(0.001)
Refugees

7. Individual income rank Family income rank age 45-49 0.263 121,000
(0.003)

Non-Refugees
8. Individual income rank Family income rank age 45-49 0.205 363,340

(0.002)
Notes: This table reports intergenerational mobility estimates for immigrants to Canada using varying defini-
tions of child and parent income. Each estimate is obtained from a univariate ordinary least squares regression
of child income on parent income. Estimated slope coefficients are reported along with its standard error in
parentheses. Child income is always measured as the average between ages 30-34 (inclusive). Parent income
ranks are ranked against all parents in Canada except where stated. Sample sizes are rounded to the nearest
tenth due to StatCan vetting rules. Row 2 is our preferred baseline measure of relative intergenerational mobil-
ity. See Appendix A for more details.
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Table 4: Predictors of Underplacement

Dependent Variable: Predicted Income Rank − Realized Income Rank
Refugees Non-Refugees

(1) (2) (3) (4) (5) (6) (7) (8)

Eastern Asia -1.66∗∗∗ -1.49∗∗∗ 6.85∗∗∗ 8.17∗∗∗

(0.46) (0.46) (0.18) (0.17)

Europe -1.62∗∗∗ -2.61∗∗∗ -23.6∗∗∗ -18.77∗∗∗

(0.24) (0.243) (0.174 (0.17)

Oceania -7.17∗∗∗ -6.53∗∗∗ -22.5∗∗∗ -20.81∗∗∗

(0.24) (0.25) (0.20) (0.19)

South and Central
America -6.87∗∗∗ -6.39∗∗∗ -22.99∗∗∗ -17.30∗∗∗

(0.26) (0.26) (0.20) (0.19)

Southern Asia -6.72∗∗∗ -7.98∗∗∗ -5.99∗∗∗ -6.60∗∗∗

(0.31) (0.30) (0.21) (0.21)

Any English or French -0.97∗∗∗ -2.22∗∗∗ 4.78∗∗∗ 6.94∗∗∗

(0.16) (0.17) (0.12) (0.11)

Landing Age 30-44 10.75∗∗∗ 10.45∗∗∗ 19.86∗∗∗ 14.40∗∗∗

(0.19) (0.19) (0.17) (0.17)

Landing Age 45+ 25.42∗∗∗ 25.09∗∗∗ 48.15∗∗∗ 39.06∗∗∗

(0.35) (0.35) (0.22) (0.22)

Intercept 11.47∗∗∗ 7.67∗∗∗ -1.87∗∗∗ 3.44∗∗∗ 30.03∗∗∗ 15.38∗∗∗ -2.17∗∗∗ 7.19∗∗∗

(0.18) (0.10) (0.16) (0.25) (0.14) (0.10) (0.16) (0.22)

N= 121,820 121,820 121,620 121,620 361,780 361,780 361,330 361,330
Notes: This table reports output from regressions of underplacement of the main parent (predicted income potential
minus realized income) on world area of birth, language proficiency, and age of landing. Regressions are estimated
separately for refugees (columns 1-4) and non-refugees (columns 5-8). Predicted income potential is detailed in
subsection 4.3. We use the five waves of the Canadian Census from 1991 to 2011 to calculate what income percentile
in Canada would the immigrant parents have earned if they were natives with the observable characteristics (years
of schooling, 3-digit occupation code, age, year) that the parents had in the source country. Realized income is
calculated at ages 45-49. Omitted categories are ‘Africa and Middle East‘ for world area of origin, no English and
no French proficiency at all, and landing in Canada before age 30. Sample sizes are rounded to the nearest tenth
per Statistics Canada vetting rules. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table 5: Rank-Rank Regressions Adjusting for Underplacement

Dependent Variable: Child Income Rank at 30-34
Refugees Non-Refugees

Realized Predicted Realized Predicted
Income Income Potential Income Income Potential

(1) (2) (3) (4)
Intercept 40.56∗∗∗ 41.38∗∗∗ 46.25∗∗∗ 45.69∗∗∗

(0.132) (0.173) (0.083) (0.130)

Slope 0.264∗∗∗ 0.200∗∗∗ 0.206∗∗∗ 0.152∗∗∗

(0.003) (0.004) (0.002) (0.002)

N= 123,610 121,820 363,880 284,400
E[Y|X=p25] 47.16 46.38 51.40 49.49
E[Y|X=p50] 53.76 51.38 56.55 53.29
E[Y|X=p75] 60.36 56.38 61.70 57.09

Notes: This table reports child income rank and parent income rank regressions for the baseline sample and
adjusted for underplacement for refugees and non-refugees. Columns 1-2 correspond to refugees and columns
3-4 correspond to non-refugee immigrants. Columns 1 and 3 correspond to the baseline sample where parental
income measured at ages 45-49. In columns 2 and 4 parental income is predicted income potential using a two
step process (detailed in subsection 4.3). First, we use the six waves of the Canadian Census from 1986 to 2011
to calculate what income percentile in Canada would the immigrant parents have earned if they were natives
with the observable characteristics (years of schooling, 3-digit occupation code, age, year) that the parents
had in the source country. Then we compute the mobility rates by keeping the actual income of the child and
replacing the actual parental income rank with the predicted income rank estimate obtained from the Census
waves. The dependent variable is child income rank measured at ages 30-34 for all regressions. Immigrants
who report “new worker” as their intended occupation have labourer imputed as their census occupation code.
As a robustness exercise, Table B.2 does not impute new workers and drops them instead. Intercept and slope
coefficients from Equation 1 are displayed; standard errors are in parentheses. Sample sizes are rounded to the
nearest tenth per Statistics Canada vetting rules. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Figure 1: Intergenerational Mobility: Child Individual Income Rank vs Parent Household
Income Rank
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Notes: Binned scatterplots of individual income rank at ages 30-34 against main parent’s household income
rank (ranked against household income of all parents in Canada). The green diamonds correspond to refugee
and humanitarian immigrants and black circles correspond to non-refugee immigrants. The dashed grey line
corresponds to estimates for the Canadian-born population obtained from Marie Connolly for children born
between 1975–1985 (Connolly et al., 2023). The rank-rank slope coefficient from Equation 1 is displayed in
the legend.
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Figure 2: Absolute Upward Mobility by Immigrant Characteristics
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Notes: This figure displays “absolute upward mobility” estimates for different samples. Absolute upward
mobility is calculated as the expected rank of child individual income rank conditional on their main parent’s
household income rank at ages 45-49 being at the 25th percentile. This estimate is obtained by fitting a
rank-rank regression of Equation 1 and predicting child outcome at parent household income percentile of 25.
The regression is estimated for heterogeneous subsamples by: census metropolitan area (CMA) of landing,
indicator for landing in a census tract where the non-white population is above the national average based
on the nearest census year (“minority neighborhood”), world area of birth, intended occupation, language
skills, and child age at landing. The solid dark points correspond to estimates for the refugee subsample and
the transparent points correspond to estimates for the non-refugee subsample.
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Figure 3: Heterogeneity: World Area of Birth
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Notes: This figure displays binned scatterplots of child income rank against main parent’s household income
rank by world area of birth. The green diamonds correspond to refugee and humanitarian immigrants and
the blue circles correspond to non-refugee immigrants. Parental income (x-axis) is grouped into quintiles
because of Statistics Canada minimum sample size rules.
Source: IMDB - T1FF files from IRCC and Statistics Canada.

40



Figure 4: Explaining the Absolute Upward Mobility Gap Between Refugees and Non-
Refugees
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Notes: This figure displays the mobility gap in income rankings between children of refugee immigrants
versus children of other immigrants, conditional on their parents being at the 25th and 50th percentile of
the household income distribution. The gap is estimated following Equation 2. The raw gap is presented
in “No Controls”. Then pre-immigration covariates are added one at a time, individually (i.e., univariate
regressions). These pre-immigration covariates are: world region of birth, schooling fixed effects (<12, 12,
13-15, 16, >16), intended occupation (2-digit NOC 2011 code), any English or French, landing age of the
parent bins (≤40, >40), and whether the main parent is married at arrival. The final bars corresponds to a
regression when all the above controls are included.
Source: IMDB - T1FF files from IRCC and Statistics Canada.
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Figure 5: Intergenerational Mobility Adjusting for Underplacement and Distribution of Re-
alized and Predicted Parental Incomes
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Notes: This figure displays changes to intergenerational mobility before and after adjusting for underplace-
ment using the predicted income potential approach. Average child income rank is plotted against realized
or predicted parental income ventile. The left panels use realized parental income at ages 45-49. The right
panels use predicted income potential using a two-step process (detailed in subsection 4.3). First, we use
the five waves of the Canadian Census from 1991 to 2011 to calculate what income percentile in Canada
would the immigrant parents have earned if they were natives with the observable characteristics (years of
schooling, 3-digit occupation code, age, year) that the parents had in the source country. Then we compute
the mobility rates by keeping the actual income of the child and replacing the actual parental income rank
with the predicted income rank estimate obtained from the Census waves. The top panels correspond to
refugees and bottom panels correspond to non-refugees. The histogram behind the binned scatterplot plots
the distribution of realized or predicted parental income.
Source: IMDB - T1FF files from IRCC and Statistics Canada.
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Figure 6: Absolute Upward Mobility Adjusted for Underplacement, by Immigrant Charac-
teristics

Overall
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Notes: This figure displays “absolute upward mobility” estimates before and after adjusting for underplace-
ment for different samples of refugees (left) and non-refugees (right). The realized (unadjusted) estimates
are displayed in solid dark points. The transparent points correspond to estimates after adjusting for under-
placement using a two-step process (detailed in subsection 4.3). First, we use the six waves of the Canadian
Census from 1986 to 2011 to calculate what income percentile in Canada would the immigrant parents have
earned if they were natives with the observable characteristics (years of schooling, 3-digit occupation code,
age, year) that the parents had in the source country. Then we compute the mobility rates by keeping the
actual income of the child and replacing the actual parental income rank with the predicted income rank
estimate obtained from the Census waves. Absolute upward mobility is calculated as the expected rank of
child individual income rank conditional on their main parent’s realized or predicted income rank at ages
45-49 being at the 25th percentile.
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Appendix (For Online Publication Only)

A. Detailed Data Description

We begin with the universe of immigrant children born outside of Canada and arriving in

Canada prior to their 18th birthday from the Longitudinal Immigration Database (IMDB).

Family linkages are determined either by the initial immigration application (e.g., family ap-

plying together) or via subsequent spouse/dependent applications (e.g., sponsoring a family

member). The IMDB is then linked with family tax records by Statistics Canada.

IMDB: The IMDB includes data on landing year, birth year, gender, country of origin,

country of birth, education, intended occupation, languages spoken, intended landing lo-

cation, immigrant class, and parent identifiers (and thus the same variables for parents).

The immigration application also specifies a main parent, which we use to construct parent

variables.

Tax Records: See Connolly et al. (2019, 2022) for more details.

Sample Construction: The IMDB contains all immigrants arriving in Canada between

1980 and 2019. Since we analyze children’s income when they turn 30, we focus on all

children arrival year and age at arrival pairs where they are at least 30 by 2019, the most

recent year of our tax records.1 Next, we exclude children and parent immigrants who do

not file taxes, some of whom may have left Canada. Specifically, we drop children who do

not file any taxes in the five year period between ages of 30-34. We also exclude parents

who do not file any taxes in the first 10 years after arriving in Canada. Finally, we further

restrict our sample to those with at least one main parent tax filing when the main parent

is between the ages of 45-49. This forms our baseline sample of 487,000 children. Note that

the last step changes our sample when we move between alternate parent income measures;

we describe this in more detail below.

1For example, a child arriving in Canada in 2000 must be at least 11 years of age for us to observe one
tax record at age 30.
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Income Measures: We construct child and parent individual and household incomes fol-

lowing Connolly et al. (2022); Chetty et al. (2014). Our measure of income is the Canada

Revenue Agency’s definition of total pre-tax income (TIRC). TIRC includes total employ-

ment income, business income, farming income, capital gains/losses, dividends, pensions and

benefits.

Child Incomes: Our primary measure of child income is average total individual income

(TIRC) between ages 30-34. We also construct child average total household income be-

tween ages 30-34 and child average total individual employment income between ages 30-34.

For all income measures, we impute missing years as zero and take averages over the entire

period. Immigrant child income ranks (percentiles) are obtained by ranking against analo-

gous incomes for all tax filers in Canada (immigrant and non-immigrant) in the same birth

cohort, in the same calendar year (i.e., others who also turn 30 in the same year). Canadian

income percentiles come from the Longitudinal Administrative Data (LAD) which comprises

of a 20% sample of the annual T1 Family Filers.

Parent Incomes: Our primary measure of main parent income is average total household

income (TIRC) between ages 45-49. We also construct average total household income

between ages 40-49; average total household income of the top parent earner between ages

45-49; average total household income when the child is age 15-19; average total household

income when the child is age 10-19; average total household income in years 3-7 after landing

(“5 years after landing”); and average total household income in years 8-12 after landing (“10

years after landing”). Immigrant parent income ranks (percentiles) are obtained by ranking

against analogous incomes for all parents in Canada (immigrant and non-immigrant) in the

same relevant year, parent age, child age, or years since landing, wherever applicable. We

also construct alternate ranks comparing immigrant parent incomes to all households in

Canada (immigrant and non-immigrant).

Longitudinal Survey of Immigrants to Canada: The Longitudinal Survey of Immi-

grants to Canada (LSIC) interviews immigrants over the ages of 15, post-arrival, landing in

Canada between October 2000 and September 2001. We use survey responses from Wave

1 of the LSIC, which was administered at six-months post landing. The LSIC combines
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information from survey responses in addition to information recorded on the landing file.

It asks individuals what their intended occupation is in Canada, and what their past occu-

pation was in their country of origin. In addition, the LSIC is linked to information from an

individual’s official immigration records.

We verify the degree to which an individual’s intended occupation from their landing file

matches either their intended occupation from the survey or their past occupation. Occu-

pations are grouped at the one-digit NOC 2006 occupation code, and we drop those whose

intended occupation in the LSIC survey is missing or stated as students or retirees. For

one-digit intended occupation group from the landing file, we calculate the share matching

either their intended and past occupations from the survey. These transitions shares are

then plotted as a heatmap in Figure B.3.
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B. Additional Exhibits

Figure B.1: Refugee Admissions, 1980-2006

(a) Refugees landing in Canada
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(b) Time series of refugee admissions per 1,000,000 residents
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Notes: Panel a displays the number of refugees admitted and landing in Canada between 1980 and 2006 (our
sample period). Panel b displays the number of refugee admitted divided by country’s population each year
for G7 countries and Australia. Japan is excluded (despite being a G7 nation) since its refugee numbers never
exceed 2,200 in any given year. Data for Canada comes from Citizenship and Immigration Canada and data
for the other countries come from The UN Refugee Agency (UNHCR) Forced Displacement Flow dataset.
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Figure B.2: Correlation between Actual Canadian-born Income and Actual Immigrant In-
come for each Intended Occupation
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Notes: This figure plots the correlation between average actual household income for immigrants who report
each intended occupation on the x-axis and the average household income among Canadian born, ages 45-49,
who report the same actual occupation in the 1991, 1996, 2006, and 2011 census, on the y-axis. Occupations
are based on 2-digit NOC2011 codes (see Table B.3). Income values are in 2020 dollars. The size of the
points are proportional to the log number of immigrants reporting each intended occupation in our baseline
sample. Table B.3 provides a crosswalk for the occupations.
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Figure B.3: Correlation Heat Map Between Intended Occupation in Administrative Landing
Records (IMDB) and Survey Conducted Six Months Post-Landing (LSIC)
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Notes: This figure plots a heat map of an immigrant’s intended occupation as recorded on their landing file
in the IMDB (x-axis) versus their intended occupation as recorded in the LSIC. If the intended occupation
variable in the LSIC is missing, we use the past occupation (in their origin country) from the LSIC. Occu-
pations are at the one-digit 2006 NOC level.
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Figure B.4: Absolute Upward Mobility: Parental Income at p50
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Notes: This figure repeats Figure 2 at parental income values of p50. Absolute upward mobility is calculated
as the expected rank of child individual income rank conditional on their main parent’s household income
rank at ages 45-49 being at the 50th percentile. This estimate is obtained by fitting a rank-rank regression
of Equation 1 and predicting child outcome at parent household income percentile of 25. The regression
is estimated for heterogeneous subsamples by: census metropolitan area (CMA) of landing, indicator for
landing in a census tract where the non-white population is above the national average based on the nearest
census year (“minority neighborhood”), world area of birth, intended occupation, language skills, and child
age at landing. The solid dark points correspond to estimates for the refugee subsample and the transparent
points correspond to estimates for the non-refugee subsample.

50



Figure B.5: Absolute Upward Mobility: Parental Income at p75
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Notes: This figure repeats Figure 2 at parental income values of p75. Absolute upward mobility is calculated
as the expected rank of child individual income rank conditional on their main parent’s household income
rank at ages 45-49 being at the 50th percentile. This estimate is obtained by fitting a rank-rank regression
of Equation 1 and predicting child outcome at parent household income percentile of 25. The regression
is estimated for heterogeneous subsamples by: census metropolitan area (CMA) of landing, indicator for
landing in a census tract where the non-white population is above the national average based on the nearest
census year (“minority neighborhood”), world area of birth, intended occupation, language skills, and child
age at landing. The solid dark points correspond to estimates for the refugee subsample and the transparent
points correspond to estimates for the non-refugee subsample.
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Figure B.6: Explaining the Absolute Upward Mobility Gap Between Refugees and Non-
Refugees
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Notes: This figure displays the mobility gap in income rankings between children of refugee immigrants
versus children of other immigrants, conditional on their parents being at the 25th, and 50th percentile of
the household income distribution. The gap is estimated following Equation 2. This figure includes additional
covariate controls (in red) on top of those in Figure 4. “CMA” is the Census Metropolitan Area the refugee
resides in. “Landing age (Child)” is bins of landing age of the child, and “minority neighborhood” is residing
in a census tract where the non-white population is above the national average based on the nearest census
year, The last bars (‘All’ in red) include all controls, from “region of birth” to “minority neighborhood”.
Source: IMDB - T1FF files from IRCC and Statistics Canada.
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Figure B.7: Heterogeneity: Child Age at Arrival
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Notes: This figure displays binned scatterplots of individual income rank at ages 30-34 against main parent’s
household income rank by child age at arrival. The green diamonds correspond to refugee and humanitarian
immigrants and the blue circles correspond to non-refugee immigrants. Parental income (x-axis) is grouped
into quintiles because of Statistics Canada minimum sample size rules.
Source: IMDB - T1FF files from IRCC and Statistics Canada.
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Table B.1: Alternate Measures of Intergenerational Mobility Estimates

Child’s Income Parent’s Income Estimate N=
All Immigrants

1. Log family income Log family income age 45-49 0.256 477,980
(excl. zeros) (excl. zeros) (0.001)

2. Log individual income Log family income age 45-49 0.123 489,880
(recoding zeros with $1) (recoding zeros with $1) (0.002)

3. Log individual income Log family income age 45-49 0.176 489,880
(recoding zeros with $1,000) (recoding zeros with $1,000) (0.002)

4. Individual income rank Family income rank age 45-49 0.224 484,350
(ranked against all households) (0.001)

5. Individual income rank Family income when child is 10-19 0.226 457,960
(0.002)

6. Individual income rank Family income rank 5 years post arrival 0.242 489,530
(0.002)

7. Household income rank Family income rank age 45-49 0.320 484,350
(0.001)

Refugees
8. Household income rank Family income rank age 45-49 0.381 121,000

(0.003)
Non-Refugees

9. Household income rank Family income rank age 45-49 0.294 363,340
(0.002)

Notes: This table reports additional measures of intergenerational mobility estimates (in addition to those in
Table 3) for immigrants to Canada using varying definitions of child and parent income. Each estimate is
obtained from a univariate ordinary least squares regression of child income on parent income. Estimated slope
coefficients are reported along with its standard error in parentheses. Child income is always measured as the
average between ages 30-34 (inclusive). Parent income ranks are ranked against all parents in Canada except
where stated (row 4 when it is ranked against all Canadian households). Sample sizes are rounded to the nearest
10 due to StatCan vetting rules. See Appendix A for more details.

54



Table B.2: Adjusting for Underplacement: Predicted Income Potential Without New Worker
Imputation

Dependent Variable: Child Income Rank at 30-34
Refugees Non-Refugees

(1) (2)
Intercept 43.10∗∗∗ 47.66∗∗∗

(0.349) (0.202)

Slope 0.177∗∗∗ 0.126∗∗∗

(0.006) (0.003)

N= 62,260 284,400
E[Y|X=p25] 48.53 50.81
E[Y|X=p50] 51.95 53.96
E[Y|X=p75] 56.38 57.11

Notes: This table repeats the predicted income potential adjustment exercise in columns 2 and 4 of Table 5
without imputing census occupation for new workers. In other words, immigrants with an intended occupation
of “new worker” are dropped. Sample sizes are rounded to the nearest 100 per Statistics Canada vetting rules.
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table B.3: 2011 NOC 2-Digit Occupation Codes

00 Senior Management Occupations
01 Specialised Middle Management Occupations (01-05)
06 Middle management occupations in retail and wholesale trade and customer services
07 Middle management occupations in trades, transportation, production, and utilities (07-09)
11 Professional Occupations in Business and Finance
12 Administrative and financial supervisors and administrative occupations
13 Finance, insurance, and related business administrative occupations
14 Office support occupations
15 Distribution, tracking, and scheduling co-ordination occupations
21 Professional Occupations in Natural and Applied Sciences
22 Technical Occupations Related to Natural and Applied Sciences
30 Professional occupations in nursing
31 Professional Occupations in Health (except nursing)
32 Technical Occupations in Health
34 Assisting Occupations in Support of Health Services
40 Professional occupations in education services
41 Professional occupations in law, social, community, and government services
42 Paraprofessional occupations in legal, social, community, and education services
43 Occupations in front-line public protection services
44 Care providers and educational, legal, and public protection support occupations
51 Professional Occupations in Art and Culture
52 Technical Occupations in Art, Culture, Recreation, and Sport
62 Retail sales supervisors and specialised sales occupations
63 Service supervisors and specialised service occupations
64 Sales representatives and salespersons wholesale and retail trade
65 Service representatives and other customer and personal service occupations
66 Sales support occupations 67 Service support and other service occupations, N.E.C.
72 Industrial, electrical, and construction trades 73 Maintenance and equipment operation trades
74 Other installers, repairers, and service and material handlers
75 Transport and heavy equipment operation and related maintenance occupations
76 Trades Helpers, Construction Labourers, and Related Occupations
82 Supervisors and technical occupations in natural resources, agriculture, and related production
84 Workers in natural resources, agriculture, and related production
86 Harvesting, landscaping, and natural resources labourers
92 Processing, manufacturing, and utilities supervisors and central control operators
94 Processing and manufacturing machine operators and related production workers
95 Assemblers in manufacturing
96 Labourers in processing, manufacturing, and utilities
99 Not stated

Notes: This table lists all 2-digit National Occupation Classification (NOC) 2011 codes. N.E.C stands for not
elsewhere classified.
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